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Dice Score 0.641(std £ 0.02) | 0.62(std £ 0.05)

0.643(std £ 0.04)

= BCE+DICE?[ XM 2 d5= EQTXITL, BE TP X|2 %2 BCE logisticO|
QP X 0|2t THERSHAY e

0.638(std £ 0.04)




U= G20 Lol g=o| Tz 5h| 2ol MZ CHE 59H2] HE0| A 21=0] G

M e £2 ZHNCIE HESIE 711 591 2ES

Dice score > 0.78(Public)

Hard Voting 4=

Hard Voting

Model1

Model?2
Model3

Model4

Model5

Building True: 2

=

Building False : 3

=

CHD TR 0]0[X|S B EHE S

Result

Building false
= 142




4-3.d5 Mt Y'Y

|4 (Ensemble Method) - TTA (Test Time Augmentation)

Original Vertical Flip Horizontal Flip V + HFlip 90 Rotate -90 Rotate

Result




4-3.d5 Mt Y'Y

Reverse Augmentation

ﬁ
Vertical Flip result

Horizontal Flip

»N

[2] TTA




5-2. HUUIAS| X IH54

)

0



5. ZE et

oo mict
AT T SED S

LA R REARZ,

AR HED|LE 2O

—
1
T L= O}.Oj
L

s
AP CEf AR = T

[17] model_uses_"

7 K], BB, QI et 12

SO AT 2HE

[18] model_uses_2

[19] model_uses_3




5-2 B0l A2| g Jts

PSS

KRS 2 A O =8 =
L

HOHS 7 [RIe2 2150l

8] application_1 [9] application_2 [10] application_3




- B3 Unet++ & timm-regnety_320(backbone)
- OIOJE{All : 512x512 (84260%)
- A8t | BCEwithLogitsLoss
- SE|OI0|X : Adam
- o}0| I Imf=f0]Ef

- Of| &2

=

==
p

A

——

—

140

: 36A[ZF

: 1e-03

: CosineAnnealingLR
. 04

HxX 2| THAI0ll 4 OBAY|

52 20180

M=o

SFA OIS

Z|teh g =+ UUS.

A0 Al Ensemble 7|




=)

S 0|80

G|, Training DatasetOf| A HSV

L
L

j

o]

ofX| X

=31 Segmentation

Lo d
= L

Iio

Xl (Fine Tunning) & 2.

2. 0o 2SS Ar23iA Segmentation Mask0l|=

N
ol

O
AN

| Segmentation® 4



Reference

[1][TTA]Divya Shanmugam, Davis Blalock, Guha Balakrishnan, John Guttag, Better Aggregation in Test-Time Augmentation, Oct 2021,
https://arxiv.org/abs/2011.11156

[2][TTA] https://www.kaggle.com/code/joshi98kishan/let-s-understand-tta-in-segmentation

[3][OBA]Svetlana lllarionova, Sergey Nesteruk, Dmitrii Shadrin, Vladimir Ignatiev, Mariia Pukalchik, lvan Oseledets, Object-Based Augmentation
Improves Quality of Remote Sensing Semantic Segmentation, Nov 2022, https://arxiv.org/abs/2105.05516

[4][RICAP]Ryo Takahashi, Takashi Matsubara, Kuniaki Uehara, RICAP: Random Image Cropping and Patching Data Augmentation for Deep CNNs,
2018, https://proceedings.mir.press/v95/takahashi18a.html

5][LABELME] https://github.com/wkentaro/labelme

I
[6][Region based loss]
I

7][Regnet] Jing Xu, Yu Pan, Xinglin Pan, Steven Hoi, Zhang Yi, Zenglin Xu, RegNet: Self-Regulated Network for Image Classification, Jan 2021,
https://arxiv.org/abs/2101.00590

8][application_1] https://m.news1.kr/articles/?5109572
9] [application_2] https://m.yonhapnewstv.co.kr/news/MYH20230374010600641
10

[application_3] http://www.jbnews.com/news/articleView.html?idxno=1366405

[ppt template] Saebyeol Yu. Saebyeol's Powerpoint

[dice score image] https://fakecan tistory.com/64

[14] [segmentation image] Daniel Bolya, Chong Zhou, Fanyi Xiao, Yong Jae Lee, YOLACT: Real-time Instance Segmentatio, Oct 2019,
https://arxiv.org/abs/1904.02689

[15][Loss]https://www.geeksforgeeks.org/region-and-edge-based-segmentaion/

[
[9]1
[10]
[11] [Loss] https://www.kaggle.com/code/sungjunghwan/loss-function-of-image-segmentation
[12]
[13]



https://www.kaggle.com/code/joshi98kishan/let-s-understand-tta-in-segmentation
https://github.com/wkentaro/labelme
https://m.news1.kr/articles/?5109572
https://m.yonhapnewstv.co.kr/news/MYH20230314010600641
https://fakecan.tistory.com/64
https://www.geeksforgeeks.org/region-and-edge-based-segmentaion/

Reference

[16][model_uses_1] https://hsun-100hsun-100.tistory.com/7983473

[17][model_uses_2] https://flpan.tistory.com/275
[18][model_uses_3] https://www.techm.kr/news/articleView.html?idxno=5358


https://hsun-100hsun-100.tistory.com/7983473

	슬라이드 1
	슬라이드 2
	슬라이드 3
	슬라이드 4
	슬라이드 5
	슬라이드 6
	슬라이드 7
	슬라이드 8
	슬라이드 9
	슬라이드 10
	슬라이드 11
	슬라이드 12
	슬라이드 13
	슬라이드 14
	슬라이드 15
	슬라이드 16
	슬라이드 17
	슬라이드 18
	슬라이드 19
	슬라이드 20
	슬라이드 21
	슬라이드 22
	슬라이드 23
	슬라이드 24
	슬라이드 25
	슬라이드 26
	슬라이드 27
	슬라이드 28
	슬라이드 29
	슬라이드 30
	슬라이드 31
	슬라이드 32
	슬라이드 33
	슬라이드 34
	슬라이드 35
	슬라이드 36
	슬라이드 37
	슬라이드 38
	슬라이드 39
	슬라이드 40
	슬라이드 41
	슬라이드 42
	슬라이드 43
	슬라이드 44

